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Introduction

e University of London International Programmes
e Why learning analytics?

e Technical considerations

e Qutcomes and reporting

e Challenges
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University of London International Programmes

Some key programmes:
Undergraduate Laws

EMFSS (Economics, Management, Finance, Social Sciences)
Postgraduate Laws

Computing and Information Security

MA Education
Business Administration
Birkbeck INGS  Q Royal .. Royal Holloway
W UNIVERSITY OF LONDON CO//é'gE > Veterinary o University ot London
LONDON

College
z University of London

Leading education
and social research
Institute of Education
University of London
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Presenter
Presentation Notes
In providing our courses we collaborate with 11 Lead Colleges of the University of London federation to offer flexible degrees in everything from Accounting and finance to economics, from Law to Education and from Computing to Veterinary Studies.

Biggest programme: LLB, 18k or so
Biggest suite of programmes: EMFSS, at 22k



Our model: some important points

All students study flexibly at a distance, either:
 |ndependent learners
 Face-to-face teaching at a local institution

Global student cohort
e Lots of students in lots of countries studying lots of programmes

Wide stakeholder group
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Presenter
Presentation Notes
We have a network of 132 recognised centres providing this support across 46 countries.

Our major markets are:
Singapore
Malaysia
Hong Kong
Pakistan
Bangladesh
Russia

But beyond that there is a very wide distribution, including nearly 6000 in Europe



Learning analytics: background

High attrition rate
e Attrition much higher than UK HE average (5.7% in 2012/13*)

Consequences
e Qut of pocket: £millions in potential lost revenue

e Going nowhere: students not progressing
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Presenter
Presentation Notes
-- We have a relatively high attrition rate. This is in part due to the nature of our students and the way they study – flexibly, at a distance, often without much support. 

-- At an income of £1000 per student per year, potential losses of attrition from outr programmes run to the £millions. Even retaining a few hundred of these students would offset the cost of intervention

--But it’s not just about the money – better student support a greater number of students a better chance of progressing further through their studies. As non-profit educators that is why we are here. Understanding our students better should allow us to provide more effective support. 


https://www.hesa.ac.uk/pis/noncon

Learning analytics: background

Requirements for a retention system

1. To better understand students, and benchmark against other institutions
2. To use innovative tech to capitalise on student data
3. To provide info to help support students’ learning outcomes

4. To improve retention and increase in fee revenue
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Presenter
Presentation Notes

Requirements for a retention system
�1. To better understand our students, how they perform, why they leave the programme and how we benchmark against other institutions�
2. To use innovative technology to capitalise on the wealth of data provided by student engagement�
3. To provide information that can be used to support our students to achieve the best possible learning outcomes�
4. To provide information that can be used to improve retention of students and associated increase in fee revenue.



Learning analytics: background

PHASE 1: IDENTIFY
Pilot of Bloom Thrive analytics with ULCC and Altis

PHASE 2: INTERVENE
Enhanced and targeted student support
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Presenter
Presentation Notes

Phase 1: 
An integrated system to provide comprehensive analysis of data drawn from across the student lifecycle in order to identify new and existing students at risk of disengagement from International Programmes. 

ULCC/Altis connection

Phase 2:
A second phase to look at the data and how we can use it with existing or improved support services to increase student retention and progression. The aim is to take proactive action to intervene with students at a point or points where risk factors can be minimised or negated and the student retained.   




Technical considerations

Integration of our services

¢’ Student records: SITS and Cognos

¢’ VLEs: live feedback and tracking access
University of London Online Library

Student enquiries: ESD CRM
X Social media?

X MOOCs data?
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Presenter
Presentation Notes
Initially our planning for the Bloom Thrive pilot was based around the integration of services 

-- Integration : of our internal services, but also integration with those systems from ULCC and Altis. Could we bring in the following?

> Student records (SITS): Information from our student records system, including admission, registration, course and module enrolment, exam performance, fees and finance

> International Programmes Virtual Learning Environment (VLE): Measuring frequency and trends of student engagement (when are they logging in? How often? Changes in these patterns?)
Plus live sentiment feedback and text comments

> University of London Online Library: Frequency and changing trends in accessing library resources. This data is not held in our data warehouse.
 
> Student Enquiries (ESD): Data on student enquiries from our enquiries database – e.g. do they have unresolved issues, or issues at a certain level. The system in question is a CRM system separate to our data warehouse

> Social media: Due to the nature of how many of our students learn FB is one of our most engaged student platforms – can we bring in this data into a learning analytics service?

> University of London Massive Open Online Courses (MOOCs): We have vast numbers of learners on our Coursera MOOCs. Could we bring in data on our students’ engagement with these courses? e.g. forum engagement, assessments completed, videos watched






Technical considerations

Weights and measures

Student details: Who is the student? how they are studying?
Module details: Level, qualification, high attrition?

Student performance: Achievement, enrolments, issues
Sentiment data: ‘Happiness’, text analysis

Student activity: Moodle, Online Library
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Presenter
Presentation Notes
A final list of elements that will underpin the system

Student: who is the student? Where and how are they studying? Important for us - are they at a supported teaching institution, or are they a new or continuing student

Module details: At a module level – level of study, the qualification details we will be flagging up modules that have particularly high attrition

Student performance: aspects and issues around achievement and enrolment will be flagged up – do students have a previous module failure? Are they ‘over’ enrolled? Have they withdrawn from any modules?


-- These are based on UNE’s successful use of the system – although they are similar to us our different models meant that around 25% of the weights and measures used in Australia were not relevant to our students. Quite a lot of planning and development work has gone into finding data that we capture that is relevant for retention and suitable for inclusion in the Bloom Thrive environment.

e.g. Because we work at a distance, and with an ‘access for all’ agenda, measures related to visas, or around whether students were domestic or international were not relevant. 

Also, as most of our assessment is exam-based flagging late assignments was not relevant. 
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Presenter
Presentation Notes
Example of the Pulse block developed by ULCC on our Masters in Professional Accountancy programme. The block features at every level of the VLE

https://accountancy.elearning.london.ac.uk/

Outcomes and reporting
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Presenter
Presentation Notes
This is the Tableau report navigation screen provided with Bloom Thrive. There are 5 report views

1. Most at risk student report, list of students at risk updated daily
2. Sentiment summary report, summary of sentiment comments across certain parameters that can be filtered by module, date, etc
3. Sentiment detail report, detail of sentiments and comments logged by students
4. Summary view of overall risk that can be viewed by module or date
5. A report breaking down the calculated risk at the student level




Sentiment Details

Sentiment Detail Report

This report contains detailed sentiment feedback on a per student basis along with their comments at both unit and overall level. Very Unhappy or Unhappy students may need to be contacted for support. The Overall 5tudent
Risk Rating summarises the contribution of multiple indicators and not just sentiment. Hence, a student may be Very Unhappy or Unhappy but that does not mean that one will appear in the Most At Risk Report.
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Presenter
Presentation Notes
A useful output – if students can be encouraged to use it. 

For example - the sentiment block was put on all pages of a new programme, Masters in Professional Accounting. 10% of a relatively small student cohort (150) indicated their happiness and left comments, both good and bad. 

Key for this use are the Student Relationship Managers we have on this particular course – their role is to support students’ progression through the course learning and assessments, including flagging up the block in the VLE forums. They are able to review comments and help where necessary. 

On other, larger programmes without the benefit of these managers….
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Presenter
Presentation Notes
Useful in theory, but without integrating the full breadth of data we found thus far that too many students meet the same number of risk weights and measures and are homogenised into large groups – risk reports are only useful if you can identify distinct cohorts, and have an appropriate support mechanisms in place to engage (i.e. targeted phone calls or emails, or by contacting groups of students)



Challenges

Identifying is (relatively) easy, but what about intervention?

What comes first? Support or identification
Who — existing team? New staff?
How - Individual contact? Targeted cohorts?

Student expectations — will all their comments be read?
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Presenter
Presentation Notes
Some of these are challenges we’ve faced, some are more general things that I think are important


Challenges

Data protection and consent

Students need to know what we are doing and why SALLE

More and different data — do we have appropriate consent?

. IS WATCHING
Important (as always) to ensure security of data Y0l
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Presenter
Presentation Notes
Student blog – emphasising student support aspects
Information Compliance manager
Data held in same place as other data (ULCC servers)


Challenges

Is it worth it?

How do you know if the predictions are accurate?

Not easy to track why students choose to stay or leave

Historical data analysis — Thrive vs. known outcome

Look at the big picture — success based on attrition rate reduction?

Qualitative feedback — is student support deemed better?
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Presenter
Presentation Notes
We only know whether students are retained (or not) when they re-register the following year

Historical data analysis – Thrive predictions vs known outcome. Inconclusive, but using a limited dataset

Taken further – a data science analysis


Challenges

Internal

Can all systems be integrated? The more data the better
Who will model the data?
Stakeholder and institutional buy-in

Who owns the predictions?
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Presenter
Presentation Notes
There are a number of practical and political considerations

Integrating systems – in theory at least, the richer the dataset, the better the predictions should be

Who will model the data? Are all systems under one roof? In theory most data should be able to be brought into one data warehouse, however in our practice at least integrating data sources from other departments has proved challenging

Buy-in – overcoming scepticism of the suitability of the system, competing priorities, how to show that it is working?

Owning the data – once the predictions are made are there mechanisms in place to action them?


Any questions?

Tom Inkelaar
Head of Management Information
tom.inkelaar@london.ac.uk
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Thrive

« ULCC have long recognised an challenge posed to all
Institutions

 How to ensure interventions are efficiently targeted?

* Few, If any, institutions have luxury of being able to afford
untargeted or misdirected interventions

P @ulcc www.ulcc.ac.uk



Thrive

« Successful tripartite collaboration to strengthen ULIP’s
understanding of student engagement.

« ULCC’s underlying aim to develop standardised service,
made more widely available as part of our Bloom portfolio

e Decision to buy, build or partner — partnering was an easy
choice due to Altis expertise and closely related experience at
UNE

P @ulcc www.ulcc.ac.uk



Thrive ®.ulcc

University of London
Computer Centre

« Targets for the service are effectiveness and straightforward adoption

e Can start with data from ULCC’s Bloom VLE only — no data preparation or
transfer from institution required — up and running within days

» Effectiveness of analytics only improves as institution provides more data
feeds

Sentiment

Client

iversity
Staff

192

SFTP (ULCC}

ut File
B

Implementation Specific €€ PP Standard Solution

P @ulcc www.ulcc.ac.uk




Thrive

 \We want to work with more institutions to refine and
Improve the service — please register interest

http://info.ulcc.ac.uk/thrive

e Questions?

P @ulcc www.ulcc.ac.uk


http://info.ulcc.ac.uk/thrive
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